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Abstract

This study provides new evidence on factors relevant to the success of crowdfunding campaigns
run in Europe between 2015 and 2017 on the most popular crowdfunding platforms in
Germany/Austria — Kickstarter.com and Startnext.com. In particular, for this study, a sample of
10,514 campaigns from Germany and Austria for the first time serves as a basis for identifying the
determinants of the level of projects’ (over-)funding. For crowdfunding projects, an increase in a
project’s funding goal results in higher funding on both platforms, but this does not guarantee
success, i.e. reaching the relevant funding goal. Projects with a higher success probability show
lower funding goals, especially if launched on Starinext.com. In confrast, a longer durafion
negligibly increases the amount raised on Startnext and slightly decreases on Kickstarter. On
Startnext, projects from the Art cluster have a higher chance to succeed, while those from the
Technology cluster show smaller success probabilities as they regularly get less funding. On
Kickstarter, projects from the Art, Technology, or Lifestyle field reach higher financing as compared
to the Sustainability area. We show that the uncertainty about market size and project/founder
quality leads to diverging over- and underfunding levels across platforms and industry clusters,
which is of core importance to interested stakeholder groups.
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1. Introduction

Crowdsourcing offers the possibility for individuals and founders to fund their projects, products, non-
profit and business ideas with small confributions of money from many individuals using infernet
platforms. As a financing option, it is especially important for those who lack savings or have only
limited access to funds from family, friends, or fraditional forms of financing such as bank lending,
business angel (BA), and venture capital (VC) investments. The popularity of crowdfunding
considerably increased — in 2017 a total of 34 billion was raised globally by crowdsourcing projects
with 10.4 billion EUR only in Europe (Startnext (2020)).

The rise of interest in this form of financing also resulted in an increased amount of research on the
factors leading fo the success of crowdfunding campaigns, e.g. Mollick (2014), Crosetto and Regner
(2014)), Koch and Siering (2015), Gierczak at el., (2016), Barbi and Bigelli (2017) and Rossi and Vismara
(2018). This study focuses on donation- and reward-based crowdfunding which, in contrast to equity-
and lending-based crowdsourcing, does not provide an incentive for making a financial return. In
particular, this research aims to describe the size of crowdfunding projects’ overfunding in different
industries spanning from arts to technology. Overfunding describes the amount of money provided
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by the crowd above the - project realization required — funding goal the project initiator was asking
for. Moreover, the associated determinants of the level of overfunding for crowdfunding campaigns
run in Europe on the Kickstarter and Startnext platforms between 2015-2017 based on the population
of more than 10,000 projects are shown. The drivers of success may have a changing impact in
several industry categories or/and this effect might be also different across the two analysed
platforms, e.g. due to unknown market size (Strausz (2017)). Crowdfunding literature neither controls
for industry-specific effects, nor for platform-specific dynamics. We want to close this research gap.

Kickstarter.com is the world’s largest platform for crowdfunding based on the amounts pledged
(Kickstarter.com), while Startnext.com remains its’ main counterpart in German-speaking countries
(Startnext.com). For this study, a hand-collected sample of 10,514 crowdfunding campaigns from
Germany and Austria for the first time serves as a basis for identifying the determinants of the level of
projects’ (over-)funding, i.e. success, through OLS, Logit, Probit, and ML regressions including the
Heckman correction for sample selection.

In sum, we find evidence that the choice of a particular platform affects the chances for success of
a project seeking crowdfunding in Germany or/and Austria. The main reasons for diverging levels of
funding remain the uncertainty about the final demand or/and project quality as suggested by
Strausz (2017). Kickstarter and Startnext act as the most important crowdfunding platforms for
German and Austrian projects, thus, understanding the differences between success factors is
important for regionally and internationally active founders, supporters or funders, SMEs, investors,
and their advisors.

In the following, we present a background on crowdsourcing in sectfion 2, a literature review on
success factors in crowdfunding in section 3, and data in section 4. In section 5, the levels of (over-
Jfunding across various industry categories and platforms are documented. Finally, the determinants
leading to successful crowdfunding of European projects stemming from two popular platforms are
discussed, before the conclusion follows in section 6.

2. Background on Crowdfunding

Crowdfunding can be seen as an informal pre-BA or VC financing form. It allows project founders to
directly ask a broad public to support theirinnovative ideas, projects, or product developments and
sales (Kuppuswamy and Bayus (2013)). However, the idea of crowdfunding is to obtain, i.e. funds,
money, goods, or time, from a broad public where each individual provides an affordable or minimall
amount instead of raising the money from a small group of sophisticated investors (Belleflamme et
al. (2012)). It can, therefore, be defined as an open call for collecting resources from the population
via an online platform. In return for the conftributions, the crowd can receive several tangible or
infangible assefts like experiences, which depend on the type of crowdfunding (Delivorias (2017)).
Strausz (2017) adds that interaction between initiators and investors before investment screening for
valuable projects on crowdfunding platforms is improved under aggregate demand uncertainty.
Generally, several types of crowdfunding campaigns differ in their purpose and are either non-profit
or for-profit projects. Four categories of campaigns are most commonly observed (Delivorias (2017)):

- donation-based (crowdsponsoring or crowdfunding) where supporters do notf receive any rewards
for their contributions,

- reward-based (crowdfunding) where backers receive gifts, experiences, goods, or services in
exchange for their monetary support,

- lending-based (crowdlending) where funders receive at least an attractive interest payment in
exchange for financing an idea or project.
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- equity-based (crowdinvesting) where investors typically receive shares in the financed venture in
exchange for their contributions.

Given the variety of launched projects, the supporters and investors in crowdfunding often have
different moftivations for supporting them. According to Gierczak et al. (2016), these motivations can
be described as aliruistic (focused on projects benefitting the society, mainly non-profit), hedonistic
(associated with projects delivering essential goods, also creative and innovative, or/and satisfying
the needs for pleasure) and profiting (guaranteeing a return for financial investments via, i.e.
interests, revenue/profit-sharing arrangements or equity stakes). In this study, we focus on donation-
and reward-based crowdfunding as these two forms do not provide incentives for financial
investment returns to occur but have reached a high level of popularity and serve an important role
for the broad audience. Most of the research carried out on the topic was published in the last ten
years as data became available and will be presented next.

3. Research on Success Factors in Crowdfunding

Prior studies provide support to the notion that there are important factors leading to success —
reaching the funding goal or/and building up overfunding. Table 1 summarises the maijor findings in
a concise manner.

In crowdfunding, many campaigns fail by significant amounts, while those that succeed mainly
succeed by small amounts. According to Mollick (2014), the project itself needs to be convincing
and the popularity of the enfrepreneur through social networks is impacting success (e.g. Aleksina,
Akulenka and Lubloy (2019), Dalla Chiesa (2021) and Tosetto, Cox and Ngyuen (2022)). Additionally,
project quality can be inferred on Kickstarter.com from the project description that is offered on the
campaign webpage, especially its depth (Koch and Siering (2015)). In this context, information
relevance and comprehensiveness are influencing information usefulness and adoption by an online
consumer community (Cheung et al. (2008)). The use of specific phrases, e.g. emotional text
passages, on the campaign page profoundly influences project success (Mitra and Gilbert (2014),
Koch and Siering (2019) and Song et al. (2019)). Furthermore, project presentation —including videos
and pictures about the underlying idea - is paramount fo the success of a crowdfunding project.
According to Kuppuswamy and Bayus (2013), videos play a pivotal role in increasing the success of
a crowdfunding campaign which is also confirmed by research conducted by Barbi and Bigelli
(2017). This is because supporters want as much information as quickly as possible. Offering more
details lowers the information asymmetry and reduces the perceived riskiness of a project. This means
that high-quality projects are identified easily by the supporters, who prefer projects with superior
return/risk profiles (Bento, Gianfrate and Groppo (2019)).

In addition, the consensus from different authors is that setting a high funding goal decreases the
probability of a project being funded (Crosetto and Regner (2014), Cordova and Gianfrate (2015)
and Barbi and Bigelli (2017)) or leads to project failure (Patel and Devaraj (2016)). In general,
successful projects tend to have a much lower funding target in comparison to unsuccessful or
cancelled projects (Frydrych et al. (2014)). According to Forbes and Schaefer (2017) beyond
campaign failure also a second problem arises if the funding goal is reached and results in
unachievable expectations that the enfrepreneur cannot meet. Thus, the founders should be
motivated to choose a funding goal for the campaign reflecting the activities that will be carried
out and the management capabilities of the respective team. Self-pledges decrease the amount
of available money (Crosetto and Regner (2018), but lead to better post-campaign performance
(Crosetto and Regner (2021)). Research has found conflicting results when it comes to the duration
of a campaign. The longer (shorter) the fundraising fimeframe is, the higher (higher) the likelihood
that conftributions will add up to an amount equal to or above the funding goal according to
Cordova et al. (2015) and Mendes-Da-Silva (2016) (Frydrych et al. (2014)). Kuppuswamy and Bayus
(2013), Crosetto and Regner (2014) and Barbi and Bigelli (2017) also conclude that a shorter
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campaign increases success chances. However, nonlinear relationships, e.g. U-shape, could explain

the existing differences.

Table 1: An Overview of Previous Crowdfunding Research

Author(s) Dimensions Discussed Correlation to Success
Mollick (2014) project itself Positive

Koch and Siering (2015) higher depth of the project description Positive

Cheung, Lee, and Rabjohn (2008) relevant and comprehensive Positive

information

Mitra and Gilbert (2014) using specific language phrases Positive

Kuppuswamy and Bayus (2013), Barbi and Bigelli presence of a video presentation Positive

(2017)

Xu et al. 2014, Rossi and Vismara (2018) more updates (especially in Positive

Crosetto and Regner (2014), Frydrych, Bock, Kinder,
and Koeck (2014), Cordova and Gianfrate (2015),

Patel and Devaraj (2016), Barbi and Bigelli (2017) and

Forbes and Schaefer (2017).

crowdinvesting)
relatively low/appropriate funding goal positive

Cordova et al. (2015) higher duration positive

Kuppuswamy and Bayus (2013), Crosetto and Regner shorter duration positive

(2014), Frydrych et al. (2014) and Barbi and Bigelli

(2017)

Kuppuswamy and Bayus (2013) and Barbi and Bigelli more reward levels positive

(2017) versus opposite finding Shengsheng, Xue,

Ming, and Jiayin, (2014)

Crosetto and Regner (2014) and Forbes and pre-selling of products/rewards positive

Schaefer (2017)

Koch (2016) and Borst, Moser and Ferguson (2018) highlighted on a crowdfunding positive
platform

Mollick (2014), Lu, Xie, Kong and Yu (2014), Koch
(2016) and Borst, Moser and Ferguson (2018)
Zvilichovsky, Inbar and Barzilay (2013), Siering and
Koch (2015)

Belleflamme, Lambert and Schwienbacher (2010)
Aleksina, Akulenka and Lubldy (2019)

Bento, Gianfrate and Groppo (2019)

Bemns, Jia and Gondo (2022)

Dalla Chiesa (2021)

Crosetto and Regner (2018), Crosetto and Regner
(2021)

Song et al. (2019)

Tosetto, Cox and Ngyuen (2022)

Koch and Siering (2019)
Koch, Lausen and Kohlhase (2021)
Mendes-Da-Silva et al. (2016)

Ofte and Maehle (2022)
Rykkja, Munim and Bonet (2020)

the popularity of the initiator and social positive
media impact on crowdfunding

initiator's engagement in other positive
crowdfunding projects

non-profit projects versus for-profit ideaspositive
Professional contact, tweet, retweet  positive
projects with superior return/risk profiles. positive

communication positive
Social networks positive
Self-pledges positive
Text passages positive

Social ties (Email, Facebook, Twitter) positive
and project description

Text emotionality positive
funding redistribution mechanism positive
Longer duration, shorter distance (close positive
network)

Combinations of factors positive
Less complex cultural projects choose

local Platforms

Note: This table shows a selection of past studies discussing various success determinants.

Belleflamme et al. (2010) state that non-profit organizations and ideas tend to be more successful
compared to their for-profit counterparts. Another important crowdfunding success factor is the use
of various reward levels when presenting a project. Successful projects tend to have a larger number
of reward levels (Kuppuswamy and Bayus (2013) and Barbi and Bigelli (2017)). Most probably,
investors fund projects in exchange for the primary outcome, i.e. a product or service, and each
reward level attracts a different group of investors. However, one can also be overdue as
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Shengsheng et al. (2014). In the year 2014, Crosetto and Regner analysed funding dynamics,
motivation, and success determinants based on Starfnext data (October 2012 till February 2014) and
found that offering product pre-sellings is key to a project’s success. Backers are incentivized by the
product that they will receive, thus, founders can price discriminate against different groups
(Crosetto and Regner (2014)). The pre-selling and reward options should, however, be limited to
avoid confusion during the campaign or delivery phase and managing obligations versus
expectations (Forbes and Schaefer (2017)). Galkiewicz (2018) states that for Startnext and Kickstarter
a comparably strong and medium effect of product offerings on the level of (over-)funding is only
observable for projects from the Technology and Fashion category, respectively. The most common
success factors highlighted in the literature are the choice of the funding goal, duration of a
crowdfunding campaign, presentatfion of a video, reward levels, and the number of backed
projects by the enfrepreneur. The following empirical analysis aims to clarify whether the same
factors matter on two popular crowdfunding platforms across different industries.

4. Data

Data Description. For this study a sample of 10,514 crowdfunding campaigns from Germany and
Austria launched on the world’s biggest crowdfunding platform Kickstarter and Startnext (the largest
crowdfunding platform in Germany and Austria) serves as a basis for comparing the level of
overfunding (Kickstarter.com, Startnext.com, and Galkiewicz and Galkiewicz (2018)). In parficular,
the information on the following variables is hand-collected as the webpage structure changes over
time: project category (i.e. Art, Technology, etc.), subcategory (i.e. 3-D Printing), location of project’s
founders, currency in which a project can be funded, total funding amount, initial funding goal (all
successful projects obtain at least a funding as high as the funding goal), funding threshold, funding
period start and end (funding period length for money collection), type of support (the means of
reimbursement for backers for their confribution, e.g. no reward, gift, product), number of backers,
number of new backers (those who contributed to the founder’s project for the first fime), number
of returning backers (those who already backed a project of the founder), and number of comments
on the project. The funding goals and funding amounts of projects from the Kickstarter platform are
franslated infto EUR amounts by applying the respective average exchange rate in a year.
Overfunding describes the amount of additional funding founders can use beyond the pre-specified
funding goal of the project and is calculated by subtracting the funding goal amount from the finally
obtained funding (overfunding = funding — funding goal).

Projects from both platforms belong to one of the following 25 categories: Agriculture, Art, Audio
Book, Comics, Community, Crafts, Dance, Design, Education, Environment, Event, Fashion, Film &
Video, Food, Games, Innovation, Journalism, Music, Photography, Publishing, Technology, Social
Business, Sport, Technology or Theater. These categories are clustered info five different industry
groups for the first time based on similarities presented by Galkiewicz and Galkiewicz (2018, 2019):

Art cluster: Art, Dance, Design, Event, Fashion, Film & Video, Music, Photography, Theater
Technology cluster: Education, Science, Innovation, Technology,

Sustainability cluster: Agriculture, Crafts, Community, Environment, Social Business,
Publishing cluster: Audio book, Comics, Journalism, Publishing,

Lifestyle cluster: Food, Games, Sport,

oL -

The collected and clustered variables are transformed for the purposes of the analysis in the following
way: a dummy variable successful is created with values of 1 in case funding equals at least the
funding goal, overfunding is created by subtracting the funding goal from the funding and for the
cluster dummy variables are created. Table 2 and Table 3 shows the variables used in the study with
the remaining definitions and descripftive statistics.
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Table 2: An Overview of Variable Names Used in the Study

Variable Name - Part | Variable Name - Part I

Successful (dummy variable with 1=success, 0 otherwise) Funding (In) (logarithmic value, dep. var.)

Funding Goal in EUR Overfunding (In) (logarithmic value, dep. var.)

Funding n EUR Backers (In) (logarithmic value, dep. var.)

Overfunding in EUR Funding/Backer (In) (logarithmic value, dep. var.)
Duration (in days) Art_cluster_dv (dummy variable with 1=Art, 0 otherwise)

Technology_cluster_dv (dummy variable with
1=Technology, 0 otherwise)
Sustainability_cluster_dv (dummy variable with
1=Sustainability, 0 otherwise)

Backers (number)

Funding/Backer (funding per backer)

Austrian Location (dummy variable with 1=Austria, 0 Publishing_cluster_dv (dummy variable with 1=Publishing, O
otherwise) otherwise)

Platform (dummy variable with 1=Startnext (SN), Lifestyle_cluster_dv (dummy variable with 1=Lifestyle, O
O=Kickstarter (KS)) otherwise)

Funding Goal (In) (logarithmic value, indep. var.)

Advanced econometric techniques like Wilcoxon-Rank-Sum-Testing, Ordinary Least Squares (OLS),
Logit, and Probit regression analyses allow identifying correlations between the aforementioned
variables and the level of a project’s overfunding, i.e. success, on the Startnext and Kickstarter
platforms between 2015 and 2017 for the first fime in such an extensive manner.

Table 3 presents a general overview of the data for each platform individually and in total. Reaching
crowdfunding success is indicated by the dummy variable successful_dv, which shows a value of
one for all the projects that reached their funding goal and a value of zero otherwise. For OLS
regressions, the dependent variables are included in the form of the natural logarithm of the (over-
Jfunding received or of the number of backers to enhance the quality of the results.

Table 3: Startnext and Kickstarter Projects — A General Overview of the Sample

Platform Variables N sd min p25 mean p50 p75 max
SN (1) Successful 5747 0.50 0.00 0.00 0.55 1.00 1.00 1.00
Funding Goal 5748 28212.61 15.00 2500.00 10378.73 5000.00 10000.00 1000000.00
Funding 5748 17947.37 0.00 377.50 5487.69 2023.50 5660.00 801250.00
Overfunding 3079 11182.52 1.00 120.00 2071.27 381.00 1208.00 417359.00
Duration 5748 18.93 1.00  31.00 44.34 41.00 54.00 184.00
Backers 5748 171.91  0.00 8.00 71.73 29.00 74.00 5504.00
Funding/Backer 5748 210.14 0.00 33.48 84.04 53.90 90.40 11952.50
Austrian Location 5748 0.27 0.00 0.00 0.08 0.00 0.00 1.00
Platform (1=SN) 5748 0.00 1.00 1.00 1.00 1.00 1.00 1.00
Funding Goal (In) 5748 1.20 271 7.82 8.49 8.52 9.21 13.82
Funding (In) 5748 2.43  0.00 5.93 7.01 7.61 8.64 13.59
Overfunding (In) 3079 1.83 0.00 4.79 5.91 5.94 7.10 12.94
Backers (In) 5748 1.65 0.00 2.08 3.14 3.37 4.30 8.61
Funding/Backer (In) 5748 1.19  0.00 3.51 3.87 3.99 4.50 9.39
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Platform Variables N sd min p25 mean p50 p75 max

KS (2) Successful 4765 0.42 0.00 0.00 0.22 0.00 0.00 1.00
Funding Goal 4766 1474893.00 1.00 2800.00 647%91.10 10000.00 25000.00 100000000.00
Funding 4766 61937.74  0.00 10.00 9248.05 251.00 2764.00  3198516.00
Overfunding 1046 118479.40 1.00 205.00 23866.32 1196.00 6728.00  3148516.00
Duration 4766 11.67 3.00  30.00 34.56 30.00 38.00 61.00
Backers 4766 608.54 0.00 1.00 99.73 6.00 38.00 26832.00
Funding/Backer 4766 160.53 0.00 5.00 67.18 30.70 69.61 6000.00
Austrian Location 4766 0.33 0.00 0.00 0.13 0.00 0.00 1.00
Platform (1=SN) 4766 0.00 2.00 2.00 2.00 2.00 2.00 2.00
Funding Goal (In) 4766 1.79  0.00 7.94 8.99 9.21 10.13 18.42
Funding (In) 4766 3.53 0.00 2.30 5.12 5.53 7.92 14.98
Overfunding (In) 1046 2.59 0.00 5.32 7.14 7.09 8.81 14.96
Backers (In) 4766 2.03 0.00 0.00 2.17 1.79 3.64 10.20
Funding/Backer (In) 4766 1.86 0.00 1.61 2.94 3.42 4.24 8.70
Variables N sd min p25 mean p50 p75 max WRST

Total Successful 10512 0.49 0.00 0.00 0.40 0.00 1.00 1.00 0
Funding Goal 10514  993541.60 1.00 2500.00 35043.88 6000.00 15000.00 100000000.00 0
Funding 10514 43799.27 0.00 84.00 719226 1040.00 4898.00  3198516.00 0
Overfunding 4125 61157.65 1.00 135.00 7597.97  480.00 1684.00  3148516.00 0
Duration 10514 16.77 1.00  30.00 39.90 34.00 47.00 184.00 0
Backers 10514 429.18 0.00 3.00 84.42 17.00 62.00 26832.00 0
Funding/Backer 10514 189.45 0.00  20.49 76.40 45.42 83.33 11952.50 0
Austrian Location 10514 0.30 0.00 0.00 0.10 0.00 0.00 1.00 0
Platform (1=SN) 10514 0.50 1.00 1.00 1.45 1.00 2.00 2.00
Funding Goal (In) 10514 1.52  0.00 7.82 8.72 8.70 9.62 18.42 0
Funding (In) 10514 3.12  0.00 4.43 6.15 6.95 8.50 14.98 0
Overfunding (In) 4125 2.12  0.00 4.91 6.22 6.17 7.43 14.96 0
Backers (In) 10514 1.89 0.00 1.10 2.70 2.83 4.3 10.20 0
Funding/Backer (In) 10514 1.60 0.00 3.02 3.45 3.82 4.42 9.39 0

Note: This table shows the summary statistics for all variables referred fo in the study which are defined following the cited
literature. First, descriptive statistics are shown for characteristics of campaigns from the Startnext.com (SN) platform, before
those for the Kickstarter.com (KS) are shown. Finally, a table with the total for all projects stemming from both platforms follows.
All amounts are franslated into EUR values. The last column in the third table reports the results, i.e. p-values, for Wilcoxson-
rank-sum-tests performed for several independent project characteristics common for projects stemming from both platforms.
The analysed project characteristics are funding goal (in €), funding (in €), overfunding (in €), campaign duration (in days),
number of backers, funding per backer and Austrian location, platform (1=SN, 2=KS§), and the aforementioned variables, for
which the natural logarithm was determined for regression analysis.

Summing up, 40.46% (4,253) of the launched projects are successful. From the 10,514 projects, 5,747
and 4,765 campaigns were initiated on the platform Startnext (1) and Kickstarter (2), respectively.
Surprisingly, on Startnext (1) 3,182 equaling 55.4% of 5,747 projects launched between 2015 and 2017
at least reached their funding goal, while on Kickstarter (2) there were 1,071 out of 4,765 successful
campaigns, which is only 22.5%. Out of the 10,512 campaigns 9,453 are initiated in Germany and
1,059 in Austria which reflects the fact that Germany is 10 times as big as Austria. As indicated in
Table 3 by the p-values from Wilcoxon-Rank-Sum-Tests (WRST), we see that all variables differ across
the two platforms when compared; a fact often overseen in crowdfunding research where data
from many platforms are regularly added.
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We observe positive overfunding amounts for 4,125 out of 10,512 projects (1,046 on Startnext (SN)
and 3,079 on Kickstarter (KS)), while 6259 projects show no overfunding as they are underfunded.
Another 130 projects exactly reach the required funding goal, thus overfunding equals zero in these
cases. The amount of overfunding varies to a high degree, which is reflected by the upward skewed
mean of 23,866 EUR driven by a maximum of 3,148,516 EUR on KS gained by a teeth brush project
versus the upward skewed mean of 2,071 EUR by a maximum of 417,359 EUR on SN earned for a
higher education refugee project. For regression analysis, logarithmic values will be used as they are
closer to the median, which in crowdfunding samples is most representative of standard projects.
Crowdfunding sample means and medians often differ a lot — this, however, is seldom recognized in
relevant research.

It is also important to differentiate between output and input variables because the latter are all
100% conftrolled for and decided by the project initiator ex-ante compared to the variables
reflecting the campaign outcomes. Output variables like the number of backers, funding received,
and number of comments/updates are all dependent on the input variables like funding goal,
duration of the project, number of pictures, and the inclusion of a video set ex-anfe. The mixing of
input with output variables is a common mistake in crowdfunding research. For example, the number
of backers is often used as an input variable, even though this is an ex-post-developed measure.

5. Data Analysis

5.1 Univariate Analysis and Summary Statistics

Table 4: Full Sample Pearson Rank Sum Correlations

Pearson Corr. Success dv_ Overfunding Funding goal Duration Plaiform Backers Funding PerB  Austrian_loc
Success_dv 1
10512
Overfunding . 1
4125 4125
Funding_goal -0.0221 0.2500* 1
0.0235 0
10512 4125 10514
Duration 0.0550* -0.0214 0.0157 1
0 0.1695 0.1075
10512 4125 10514 10514
Platform -0.3336* 0.1551* 0.0273* -0.2903* 1
0 0 0.0052 0
10512 4125 10514 10514 10514
Backers 0.1911* 0.7752* 0.0007 0.0014 0.0325* 1
0 0 0.9414 0.885 0.0009
10512 4125 10514 10514 10514 10514
Funding_Pe~r 0.0956* 0.1371* -0.0006 0.0469* -0.0443* 0.0091 1
0 0 0.9527 0 0 0.349
10512 4125 10514 10514 10514 10514 10514
Austrian_l~v -0.0439* 0.0525* -0.0028 -0.0263* 0.0736* 0.0025 0.0520* 1
0 0.0007 0.7777 0.007 0 0.7964 0
10512 4125 10514 10514 10514 10514 10514 10514

Note: This table reports Pearson rank sum correlation coefficients for several project characteristics, p-values and numbers of
observations, while * indicates significance at the 1% level. Success is reflected by the dummy variable success_dv and the
occurrence of overfunding. The analysed project characteristics are funding goal (in €), campaign duration (in days), number
of backers, funding per backer and Austrian location.
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Table 4 reports Pearson rank sum correlation coefficients, p-values, and numbers of observations,
while * indicates significance at the 1% level. As further shown in Table 5, Wilcoxon-Rank-Sum-Tests
confirm significant differences regarding the levels of overfunding and between many input
variables on both platforms in all clusters. However, no differences between the two platforms seem
to exist in the Lifestyle sector concerning the pre-set funding goal, in the Sustainability area regarding
the amount of realizable overfunding, and in the case of projects launched in Austria for the
aforementioned two industry categories in the period 2015-2017. Table 5, Panels B and C show that
the highest median funding goals are observable in the Technology, Lifestyle, and Sustainability
cluster where also the highest overfunding amounts are realizable as suggested by the skewed mean
funding figures. The highest median funding is raised by Sustainability, Art, and Publishing projects —
for these projects larger groups of backers pay the largest amounts of money. The Appendix shows
the differences between means and medians of the main variables of interest for individual category
clusters. In the Appendix, we observe that in most of the categories, the funding goals set by inifiators
on the KS platform are higher than on SN leading, most probably, fo smaller crowdfunding amounts
and failure on this all-or-nothing platform. The supporters may find the pre-set funding goals to be
inappropriately high and refrain from investing their money.

Table 5: Results (p-values) of Wilcoxon-Rank-Sum-Tests Applied to Projects from Grouped Industry
Categories for the Startnext and Kickstarter Platforms

Panel A/ Industry Cluster Art Technology Sustainability Publishing Lifestyle
WRST (p-values)
Successful 0 0 0 0 0
Funding Goal in EUR 0 0 0 0 0.3998
Funding in EUR 0 0 0 0 0
Overfunding in EUR 0 0 0.1564 0.0007 0
Duration in days 0 0 0 0 0
Backers 0 0 0 0 0
Funding per Backer 0 0 0 0 0
Austrian Location 0 0.0001 0.6725 0.0410 0.2980
Panel B / Indusiry Cluster Art Technology Sustainability Publishing Lifestyle
Mean
Funding Goal in EUR 34340.10 51781.06 16999.19 22163.83 38177.35
Funding in EUR 6307.36 11696.04 7742.45 3131.17 7707.92
Overfunding in EUR 5527.59 25003.61 4096.86 2105.12 10525.67
Duration in days 39.58 39.96 44.99 40.52 37.66
Backers 72.35 79.09 102.77 61.25 134.89
Funding per Backer 77.36 106.35 93.98 45.26 51.87
Austrian Location 0.10 0.11 0.11 0.10 0.11
Panel C / Industry Cluster Art Technology Sustainability Publishing Lifestyle
Median
Funding Goal in EUR 5000 10000 8500 4500 10000
Funding in EUR 1393 543 1595 602 558
Overfunding in EUR 370 839 873 337 1024
Duration in days 34 34 42 35 31
Backers 22 9 25 14 13
Funding per Backer 50 45 51 33 35

Note: This table reports the results, i.e. p-values, for Wilcoxon-rank-sum-tests performed for several independent project
characteristics common for projects stemming from both platforms in Panel A. The analyzed project characteristics are
funding goal (in €), funding (in €), overfunding (in €), campaign duration (in days), number of backers, funding per backer
and Austrian location. Panel B and C show the mean and median values, respectively, for the aforementioned variables for
both platforms in total for the industry clusters Art, Technology, Sustainability, Publishing and Lifestyle. The Appendix provides
more defails.
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5.2 Multivariate Analysis of Funding and Overfunding Dynamics in Crowdfunding

In the following, OLS regressions of various project characteristics on the level of project funding and
Logit and Probit regressions of those on success probability are performed to gain more precise
insights into the underlying dynamics.

5.2.1 The Drivers Helping to Reach Higher Funding

Table 6 reports the results of OLS regressions of various project characteristics on the level of project
funding (In_Funding). As compared to columns (1)-(4), columns (5)-(6) separately focus on the SN
and KS project campaigns.

Table é: Determinants Affecting Raised Funding Amounts (Ln_Funding)

Variable T4 cl T4 _c2 T4 _c3 T4 _c4 T4 _c5 T4 _céb
Data All All All All Startnext  Kickstarter
Dep. Variable Ln_Funding Ln_Funding Ln_Funding Ln_Funding Ln_Funding Ln_Funding
Funding Goal (In) 0.2866*** 0.2278*** 0.2495%** 0.2224*** 0.4632%** 0.2224***
Duration 0.0012 -0.0160*** -0.0159*** -0.0156*** 0.0056*** -0.0156***
Austrian Location -0.071 -0.0739 -0.0825 -0.0824 -0.0346 -0.0824
Startnext_SN_dv 2.0207*** -0.3645 -0.4959 0.0716

Funding Goal (In)*SN_dv 0.1850*** 0.1958*** 0.2407***

Duration*SN_dv 0.0215%** 0.0218*** 0.0212%**

Austrian Location*SN__dv 0.0317 0.0634 0.0478

Art_cluster_dv 0.7176*** 1.3482%** 0.1683* 1.3482%**
Technology_cluster_dv 0.0975 0.9793*** -0.797 4% 0.9793***
Sustainability_cluster_dv 0.2528* (omitted) -0.1603 (omitted)
Publishing_cluster_dv (omitted) -0.0607 (omitted) -0.0607
Lifestyle_cluster_dv 0.3504*** 0.9336*** -0.1699 0.9336***
Art_cluster*SN_dv -1.0196***

Technology_cluster*SN_dv -1.6164%**

Sustainability_cluster*SN_dv (omitted)

Publishing_cluster*SN_dv 0.221

Lifestyle_cluster*SN_dv -0.9432***

Constant 2.5080*** 3.6325%** 2.9983*** 2.6477%** 2.8796*** 2.6477%**
N 10514 10514 10514 10514 5748 4766
R2 0.1101 0.1147 0.1227 0.1287 0.0625 0.0295
Adj. R2 0.1097 0.1141 0.1218 0.1274 0.0613 0.0281

Note: This table reports the results of OLS regressions of various project characteristics on the level of funding (Ln_funding)
collected in a crowdfunding campaign for the 10,514 sample projects excluding and including interaction terms consisting
of platform choice between Startnext and Kickstarter represented by the dummy variable SN_dv (becoming 1 for Startnext
and 0 for Kickstarter) and industry category dummy variables (the omitted category — baseline - is Sustainability in column (4),
(6) and Publishing in column (5)). These interactions, along with all project characteristics, are regressed on the funding
amount. Standard errors are robust and *, **, *** indicate significance at the 10, 5, and 1% level, respectively.
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Columns (4)-(6) show that, even though we have more projects from Startnext.com than from
Kickstarter.com, projects from KS dominate the results for the whole sample of 10,514 observations.
Thus, it is essential to distinguish between different platforms to gain representative resulfs.
Furthermore, there are some common patterns observable. In Table 6, column 4 we face the
problem of heteroscedasticity according to White's test with a p-value=0.000, (not reported) where
the hypothesis of homogenous residuals is rejected. In order to avoid arising problems we use for all
OLS regressions that follow White's robust standard errors in STATA as they are variations of Table 6,
column 4. We also perform a link test for the misspecification of the model and find no indication of
misspecification as the hatsg p-value=0.107 (not reported).

The higher the funding goal, the higher the final funding amount on both platforms, however, a 1%
change in the funding goal amount increases the funding on KS only by 0.22%, while on SN more
than double this amount with 0.46%. This stands in contrast fo most of the previously performed
studies, e.g. Frydrych et al. (2014), Patel and Devaragj (2016), and Barbi and Bigelli (2017). Hence, the
choices of particular samples (sample size, period, country/region, platform choice) or/and U-
shaped or other non-linear relationships might be the driving forces behind most results. One must
consider that sometimes founders are allowed to do self pledges up to 1.6% on SN (Corsefto and
Regner (2018, 2021)) and that the funding goal should be in a range, which is typical for a particular
industry (Galkiewicz and Galkiewicz (2018)). The longer the duration, the higher the final funding
amount on SN and lower on KS — the mixed results confirm contrasting findings from literature (e.g.
Frydrych et al. (2014) and Cordova et al. (2015)), which might be the outcomes of nonlinear
relationships, e.g. U-shape. However, the impact of duration is only statistically significant, while its
economic relevance is negligible on both platforms. On SN, projects from the Technology cluster get
significantly less funding as compared to those from the Publishing area. On KS, projects from the
clusters: Art, Technology, and Lifestyle get significantly more financing than those from the
Sustainability field. These differences imply that different groups of initiators and investors visit various
platforms and invest in specific projects.

Strausz (2017) suggests that the higher the uncertainty about the market size, the larger the
difference between funding and funding goal may be, hence resulting in over- or underfunding. The
latter is also increased if potential supporters become doubtful about the project or the founder's
quality. For example, the funding goal may seem to be inappropriately high for project realization.
We also think that backers in donation- and reward-based crowdfunding are less professional with
their alfruistic and hedonistic (Gierczak et al. (2016)) motivations than those engaged in
crowdlending or equityinvesting focusing on profiting. This might further increase the level of over- or
underfunding across different platforms and industries. The next analysis provides a more
differentiated picture of the impact of project characteristics on funding levels in various industries
on both platforms.

Funding Success Drivers Identifiable in Various Industries on Different Platforms. As shown by Table 7,
a funding goal increase of 1% significantly increases the final funding amount in the Art cluster by an
economically relatively low 0.55% on SN and 0.35% on KS. The regressions in Table 7a focus on SN's
sample projects, while KS's projects are utilized in Table 7b. In the Technology cluster, projects get on
both platforms 0.21% more of funding with a 1% increase in the funding goal. However, only on SN,
a 1% higher funding goal amount increases significantly the funding of projects from the Sustainability
and Publishing cluster by 0.38% and 0.64%, respectively. A 10-day longer duration significantly (in
statistical terms only) increases the funding of projects from the field of Art by 0.05% and Technology
by 0.16% on SN, while on KS in Lifestyle by 0.57%.
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Table 7: The Determinants of Funding (Ln_Funding) in Various Industry Clusters on Two Platforms

Table 7a

Variable T5a_cl T5a_c2 T5a_c3 T5a_c4 T5a_c5
Data Startnext Startnext Startnext Startnext Startnext
Dep. Variable Ln_Funding Ln_Funding Ln_Funding Ln_Funding Ln_Funding
Funding Goal (In) 0.5495%** 0.2124*** 0.3830*** 0.6358*** 0.3504***
Duration 0.0049** 0.0160*** 0.0018 -0.001 0.0061
Austrian Location -0.1327 0.2709 -0.0128 0.0655 0.099
Constant 2.37571%** 3.7890%** 3.6183*** 1.7784** 3.6954***

N 3087 710 786 571 594

R2 0.079 0.0288 0.0299 0.1007 0.028

Adj. R2 0.0781 0.0247 0.0262 0.096 0.023
Table 7b

Variable T5b_c1 T5b_c2 T5b_c3 T5b_c4 T5b_c5
Data Kickstarter Kickstarter Kickstarter Kickstarter Kickstarter
Dep. Variable Ln_Funding Ln_Funding Ln_Funding Ln_Funding Ln_Funding
Funding Goal (In) 0.3479%** 0.2123*** -0.1071 -0.0282 0.1509***
Duration -0.0009 -0.0134 -0.0319 -0.008 -0.0568***
Austrian Location -0.2168 0.4761 -0.9261 0.2819 -0.467
Constant 2.4077*** 3.5729*** 5.9556*** 4.4361%** 5.6443***

N 2231 969 108 456 1002

R2 0.0275 0.0127 0.0335 0.0019 0.0366

Adj. R2 0.0262 0.0097 0.0056 0.0017 0.0337

Note: This table reports the factors affecting the amount of funding (Ln_Funding) collected in a crowdfunding campaign for
various industry cluster samples on two platforms in an OLS setting in. The following industry groups are created for the first
fime based on project similarities and shown in columns (1) to (5), respectively: (1) Art cluster: Art, Dance, Design, Event,
Fashion, Film & Video, Music, Photography, Theater, (2) Technology cluster: Education, Technology, Innovation, Technology,
(3) Sustainability cluster: Agriculture, Crafts, Community, Environment, Social Business, (4) Publishing cluster: Audio book,
Comics, Journalism, Literature, Publishing, and (5) Lifestyle cluster: Food, Games, Sport. The regression in Table 7a focuses on
Startnext's sample projects, while Kickstarter's projects are utilized in Table 7b. Standard errors are robust and * ** *** indicate
significance at the 10, 5, and 1% level, respectively.

We perform an additional robustness test on which factors affect the number of backers as funding
is the outcome of backers’ financial engagement in a project. Thus, by replacing Ln_Funding with
Ln_Backers_No we obtain the following OLS results in Table 8. Even though the analysis provides only
a partial picture, it confirms previously obtained findings and reveals interesting patterns. For
example, in all clusters, except for Technology, an increase in the funding goal amount attracts more
backers on SN. This holds similarly for projects from the clusters Art, Technology, and Lifestyle on KS. In
SN’s Technology cluster, only a longer duration slightly increases the number of supporters and this is
also the case for KS's Sustainability, Publishing, and Lifestyle projects. Finally, projects promoted in
Austria attract significantly fewer backers, but those who engage provide higher amounts of money
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through crowdfunding. In consequence, the final funding amounts remain unaffected by the
country of origin as previously presented in Table 7. Overall, our results indicate that different levels
of over- or underfunding depend on platform choice and the belonging of projects to a particular
industry. The main reason for diverging levels of funding remains the uncertainty about the underlying
market size/final demand and project quality as suggested by Strausz (2017).

Table 8: Factors Influencing the Attention of Backers in Various Industry Clusters on Different Platforms

Table 8a

Variable Téa_cl Téa_c2 Téa_c3 Téa_c4 Téa_c5
Data Startnext Startnext Startnext Startnext Startnext
Dep. Variable Ln_Backers_No Ln_Backers_No Ln_Backers_No Ln_Backers_No Ln_Backers_No
Funding Goal (In) 0.3155*** 0.0286 0.2170*** 0.3609*** 0.2056***
Duration 0.0016 0.0059** 0.0017 -0.0052 0.0022

Austrian Location -0.2314** -0.1474 -0.0366 -0.0173 -0.0036
Constant 0.5164** 2.0728*** 1.2464** 0.5583 1.3693**

N 3087 710 786 571 594

R2 0.057 0.0069 0.0204 0.063 0.0181

Adj. R2 0.0561 0.0027 0.0166 0.058 0.0131

Table 8b

Variable Téb_c1 Téb_c2 Téb_c3 Téb_c4 Téb_c5
Data Kickstarter Kickstarter Kickstarter Kickstarter Kickstarter
Dep. Variable Ln_Backers_No Ln_Backers_No Ln_Backers_No Ln_Backers_No Ln_Backers_No
Funding Goal (In) 0.0865** -0.1248 -0.0049 0.0794**
Duration 0.0008 -0.0088* -0.0226* -0.0146** -0.0363***
Austrian Location -0.2465** 0.1002 -0.8629** 0.0812 -0.4630**
Constant 0.7500%** 1.5589*** 3.3937%** 2.2138*** 2.8764***
N 2231 969 108 456 1002
R2 0.023 0.0071 0.0908 0.0093 0.0383
Adj. R2 0.0217 0.004 0.0646 0.0027 0.0354

Note: This table reports the factors affecting the number of backers (Ln_Backers_No) providing money in a crowdfunding
campaign for various industry cluster samples on two platforms in an OLS setting. The following industry groups are created
for the first time based on project similarities and shown in columns (1) to (5), respectively: (1) Art cluster: Art, Dance, Design,
Event, Fashion, Film & Video, Music, Photography, Theater, (2) Technology cluster: Education, Technology, Innovation,
Technology, (3) Sustainability cluster: Agriculture, Crafts, Community, Environment, Social Business, (4) Publishing cluster: Audio
book, Comics, Journalism, Literature, Publishing, and (5) Lifestyle cluster: Food, Games, Sport. The regression in Table 8a focuses
on Startnext’s sample projects, while Kickstarter's projects are utilized in Table 8b. Standard errors are robust and *,** ***
indicate significance at the 10, 5, and 1% level, respectively.

5.2.2 The Determinants of Success

Table 9 and Table 10 report the marginal probabilities of logit and probit regressions, respectively, for
reaching funding as high as the funding goal, i.e. success with the dummy variable success_dv
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becoming 1, evaluating all independent variables at their means which are provided in Table 3 or
Table 5 and dummy variables when switching from 0 to 1.

Table 9: The Drivers of Success Determined via Logit Regressions (Success_dv)

Variable T4 _c1 T4 c2 T4 c3 T4 _c4 T4 _c5 T4 _cé
Data All All All All Startnext Kickstarter
Dependent variable success_dv success_dv success_dv success_dv success_dv success_dv
Funding Goal (In) -0.0715*  -0.0565***  -0.0523***  -0.0544***  -0.0939***  -0.0448***
Duration -0.0002 -0.0018**  -0.0019***  -0.0019***  0.0004 -0.0015%**
Austrian Location -0.0183 -0.0319 -0.0344 -0.0339 -0.0065 -0.0279
Startnext_SN_dv 0.2832%** 0.4973*** 0.4540*** 0.4255%**

Funding Goal (In)*SN_dv -0.0345**  -0.0311**  -0.0275***

Duration*SN_dv 0.00271*** 0.0022%** 0.0022%**

Austrian Location*SN__dv 0.0243 0.0294 0.0282

Art_cluster_dv 0.0877*** 0.0873*** 0.1009*** 0.0719%**
Technology_cluster_dv -0.0339** 0.0058 -0.0705***  0.0048
Sustainability_cluster_dv 0.0323* 0.0083 0.0388 0.0068
Publishing_cluster_dv 0.0059 -0.0454 0.037 -0.0374
Lifestyle_cluster_dv (omitted) (omitted) (omitted) (omitted)
Art_cluster*SN_dv 0.0007

Technology_cluster*SN_dv -0.0673**
Sustainability_cluster*SN_dv 0.0256

Publishing_cluster*SN_dv 0.0777**

Lifestyle_cluster*SN_dv (omitted)

N 10512 10512 10512 10512 5747 4765

R2 (pseudo) 0.1239 0.1263 0.1345 0.1355 0.0564 0.053

Note: This table reports the marginal probabilities of logit regressions for reaching funding as high as the funding godl, i.e.
success with the dummy variable success_dv becoming 1 (or remaining 0 otherwise), evaluating all independent variables at
their means which are provided in Table 3 or the Appendix and dummy variables when switching from 0 to 1. Standard errors
are clustered at the industry category level and * ***** indicate significance at the 10, 5, and 1% level, respectively.

Columns (1)-(3) show that after the inclusion of additional project characteristics, the explanatory
power of the model increases, as indicated by the reported pseudo-R-squared figures. Thus, we
consider these variables in all specifications that follow. In the specification containing the extended
set of variables in column (4) of Table 9, the probability of a campaign reaching success is
significantly negatively affected by a higher funding goal amount, longer duration, and choosing
the KS platform for the launch.

Columns 5 to 6 of Table 9 show individual results for the SN and KS platforms, respectively. If In
Funding_goal increases by 1 (from mean 8.72 equalling 6124 EUR to 9.72 equalling 16647 EUR), the
success probability decreases by 9.4% on SN and 4.5% on KS. This is in line with the crowdfunding
literature, e.g. Crosetto and Regner (2014), Frydrych et al. (2014), Cordova and Gianfrate (2015),
Patel and Devaraj (2016) and Barbie and Bigelli (2017) and Forbes and Schaefer (2017). It further
indicates that founders get more punished on the SN than on the KS platform for pre-setting the
funding goal too high. Moreover, 10 days increase in duration as compared to the mean of 40 days,
decreases the success probability on KS only by a negligible 1.5%. Launching projects from the
broader Art category (Art, Dance, Design, Event, Fashion, Fiim & Video, Music, Photography, and
Theater) increases the success probability as compared to the Lifestyle cluster by 7.2% on KS and
10.1% on SN. In contrast, initiating projects from the Technology cluster decreases the success
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probability as compared to the Lifestyle cluster by 7.1% on SN - in Table 6 it was previously shown
that Startnext’'s Technology cluster projects get significantly less funding. Patterns observable from
unreported Probit regressions are qualitatively and quantitatively comparable to those observed
from Logit regressions. In sum, these findings confirm that the choice of a particular platform affects
a crowdfunding project’s chances for success.

In additional tests considering the Heckman correction (Heckman (1976, 1979)) based on maximum
likelihood estimation for non-random self-selection of campaigns into specific platforms we also
obtain interesting results. For instance, having an ex-ante Art project in place significantly increases
the probability to use the SN platform and positively affects the success probability as shown in
column 4 of Table 10. In contrast, while a Technology project increases the probability to use the SN
platform, having this type of project decreases the chances for success. The findings in columns 1
and 4 confirm that a higher funding goal decreases the chances for success. This is comparable to
previously obtained results. Column 5 shows that an overfunding amount higher than 150% of the
funding goal can be obtained if projects from the Sustainability area are launched. Finally, column
6 of Table 10 shows that the general level of overfunding (represented by Ln_Overfunding) is
significantly positively affected by a longer duration and negatively by projects from the Art,
Technology, or Publishing category. Thus, an industry category of a project and the platform choice
matter.

Table 10: The Relevance of Platform Choice for Success and Higher Amounts of Funding

T8 c1 T8 _c2 T8 c3 T8_c4 T8_c5 18_cé

Dep. variable 1st stage Startnext_dv Startnext_dv Startnext_dv  Startnext_dv Startnext_dv Startnext_dv
Art_cluster_dv 0.5292%* 0.5286*** 0.7057%** 0.5292*** 0.5286*** 0.7057++
Technology_cluster_dv 0.1315%** 0.1315%** 0.0389 0.1315%** 0.1315%** 0.0389
Sustainability_cluster_dv 1.4964*** 1.497 1%+ 1.5710%** 1.4964%** 1.497 7% 1.5710%+
Publishing_cluster_dv 0.4669** 0.4669** 0.6047** 0.4669*** 0.4669*** 0.6047++
Liefestyle_cluster_dv (omitted) (omitted) (omitted) (omitted) (omitted) (omitted)
_cons -0.3261%** -0.3261%** -0.8203*** -0.3261*** -0.3261*** _0.8203***
mills lambda -0.1082%* -0.057 4 -0.1937 0 0 0
Dep. variable 2nd stage Success_dv High_Overfun_dv In_Overfunding Success_dv High_Overfun_dv In_Overfunding_
Funding Goal (In) -0.1034*** -0.0348*** -0.0925*** -0.0312

Duration 0.0003 0 0.017 1% 0.0004 0 0.0101***
Austrian Location -0.0105 -0.0007 0.1387 -0.006 -0.0028 0.0485
Art_cluster_dv 0.1075*** -0.0215* _0.8844***
Technology_cluster_dv -0.0692*** -0.0074 0.6109%*
Sustainability_cluster_dv 0.0403 0.0422%** 0.0842
Publishing_cluster_dv 0.0432 0.0013 _0.8250***
Liefestyle_cluster_dv (omitted) (omitted) (omitted)
_cons 1.4924%** 0.3804*** 5.5947%** 1.2649*** 0.3794*** 6.1340%**
N 10513 10511 7845 10513 10511 7845
R2 0.0542 0.0542 0.0693 0.0542 0.0542 0.0693
Wald test (p-value) 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000

Note: This table reports the results for the relevance of various project characteristics for reaching the funding goal or/and
high amounts of (over-)funding. For the latter the “success_dv” is replaced the dummy variable “high_overfun_dv” and by
the variable “Ln_Overfunding” equal to [Ln(Funding — Funding goal)]. However, for the high overfunding dummy variable the
threshold is chosen randomly. It is defined as obtained funding equal to or higher than 150% of the funding goal (i.e.

42



FUNDING AND OVERFUNDING PHENOMENA IN CROWDFUNDING

high_overfun_dv = 1). The analyses performed in this table are extended by applying the Heckman correction (Heckman
(1976, 1979)) based on maximum likelihood estimation for non-random self-selection of campaigns into specific platform. For
the latter the inverse of the Mill’s ratio and the p-value of the Wald test are also reported; the results from the selection
equation are shown in the upper part of the table. In the selection regression (first stage) the focus lies on the impact of
industry categories on a founder’s general decision to choose a platform like Startnext versus Kickstarter (represented by
Startnext_adv). In the bottom part of Table 9 the remaining impact of project characteristics on the extent of funding, i.e. for
reaching the funding goal/success, increasing overfunding or gaining higher overfunding (second stage) is shown. The
following industry groups are considered: (1) Art cluster: Art, Dance, Design, Event, Fashion, Film & Video, Music, Photography,
Theater, (2) Technology cluster: Education, Technology, Innovation, Technology, (3) Sustainability cluster: Agriculture, Crafts,
Community, Environment, Social Business, (4) Publishing cluster: Audio book, Comics, Journalism, Literature, Publishing, and
(5) Lifestyle cluster: Food, Games, Sport. *** *** indicate significance at the 10, 5, and 1% level.

6. Conclusions

This study provides unique results on factors relevant to the success of crowdfunding campaigns run
in Europe between 2015 and 2017 on the platforms Kickstarter.com and Startnext.com. Our goal is
to offer practical guidance to founders about general and industry-specific dynamics on which
platform to choose for their projects to reach the highest funding.

In the main analyses, significant differences between the drivers of success depending on platform
choice or whether launched projects belong ex-ante to a particular industry category are identified.
It is documented that an increase in the project’s funding goal from ca. 6000 EUR to ca. 16000 EUR
results in a lower probability of a campaign’s success, defined as reaching the funding goal, i.e.
decreases it by 9% on Startnext and 4.5% on Kickstarter. On Startnext, projects from the Technology
cluster get less funding than those from the Publishing counterpart, while on Kickstarter, projects from
Art, Technology, or Lifestyle field reach higher financing as compared to the Sustainability area.
Finally, launching a project from the broader Art category, instead of Lifestyle, has a 10.1% and 7.2%
higher chance of success on Startnext and Kickstarter, respectively. The diverging drivers of success
documented for projects launched in Germany are equally important for projects initiated in Austria.
The aforementioned comparisons reveal significant differences between groups of initiators and
investors visiting various platforms and industry clusters which might be potentially interesting for
founders, funders, and its advisors.

We add to the growing body of literature on drivers of success determining the level of funding
originating from Frydrych et al. (2014), Mollick (2014), and Koch (2016) by showing how the sample
choice (size, period, industry, region/country, platform) leads to diverging results in the literature.
Future research should focus on larger samples of successful and unsuccessful projects stemming
from various platforms and covering different industry clusters to identify more precisely — and
universally representative — patterns.
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Appendix: Startnext and Kickstarter Projects — Differences Between Means and
Medians of the Main Variables of Interest for Individual Categories

Industry Cluster Art Technology Sustainability Publishing Lifestyle

Startnex Kickstart  Startnex Kickstart  Startnex Kickstart  Startnex Kickstart  Startnex  Kickstart
Platform

t er t er 1 er 1 er t er

Mean

Eﬂgd'”g Godlin 7107 71995 14640 78995 18012 9626 5747 42721 16537 51006
Funding in EUR 4526 8773 5338 16355 8626 1311 3614 2526 8315 7348
(EDUV;rfU”d'”g n 1346 18477 3902 62104 4261 1677 1368 5195 3126 20598
Duration (days) 43 34 46 36 46 34 45 35 45 33
Backers (number) 60 90 51 99 114 23 71 50 103 154
Industry Cluster Art Technology Sustainability Publishing Lifestyle

Startnex  Kickstart  Startnex Kickstart  Startnex Kickstart  Startnex Kickstart  Startnex  Kickstart
Platform

t er t er t er t er t er
Median

ronding Goalin 4000 7000 6783 20000 9700 3250 3500 5500 10000 10000
Funding in EUR 2160 465 1134 251 2359 70.5 1683 46.5 2334 182
Suvsrfund'”g n 310 745 337 4345 891 569 314 680 775 2692
Duration (days) 39 30 42 30 42 30 4] 30 42 30
Backers (number) 31 9 14.5 5 30 3 33 2.5 33 6

Note: This table reports the means and medians of individual project characteristics of 10 514 Startnext.com and
Kickstarter.com campaigns launched between 2015 and 2017 belonging to specific industry categories. The means of the
variables are relevant for the interpretation of the marginal probabilities from Logit and Probit regressions reported in Tables
7-8. The following industry groups are created for the first time based on project similarities and shown in columns (1) to (5),
respectively: (1) Art cluster: Art, Dance, Design, Event, Fashion, Film & Video, Music, Photography, Theater, (2) Technology
cluster: Education, Technology. Innovation, Technology, (3) Sustainability cluster: Agriculture, Crafts, Community,
Environment, Social Business, (4) Publishing cluster: Audiobook, Comics, Journalism, Literature, Publishing, and (5) Lifestyle
cluster: Food, Games, Sport.
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